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3D point cloud object detection algorithm based on Transformer
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Abstract: In response to the difficulty in deploying anchor box based methods in 3D object detection due to the in-
crease in spatial dimensions, this paper studies a point cloud object detection algorithm based on set prediction.
This article proposes a Transformer based 3D point cloud object detection algorithm, and combines the characteris-
tics of point clouds in autonomous driving scenarios to propose an improved spatial modulation attention and heat
map initialization strategy for training acceleration and query initialization, achieving good detection performance in
shallow networks. This article compares it with other algorithms on the KITTI dataset, and the results show that our
algorithm has reached an advanced level in performance. We also conducted ablation experiments on the main com-

ponents of the algorithm to verify the contribution of each module to the detection effect.
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