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Fairness guarantee algorithm of high-density WLAN based on
neural network and genetic algorithm

JIANG Yujin, YANG Qi, YANG Mao, LI Bo, YAN Zhongjiang

(School of Electronics and Information, Northwestern Polytechnical University, Xi’an 710072, China)

Abstract; In order to meet the growing requirements of users for wireless services in various scenarios, highly
densely deployed wireless local area network (WLAN) will be developed. However, due to the limited frequency re-
sources, there must be a large number of wireless access points( APs) in the same channel. But APs which are lo-
cated in the same channel will interfere with each other, resulting in a decline in the fairness of throughput in the
network. And it can not provide users with good quality of service. In order to improve the fairness of throughput and
experience of users, it is necessary to formulate the reasonable network parameter adjusting methods. A method
based on neural network and genetic algorithm is proposed. The neural network is used to build the relationship be-
tween the parameters of WLAN and the faimess of throughput. The trained model is used as the fitness evaluation
function of the genetic algorithm. And the genetic algorithm is used to solve the optimization parameter combination
configuration to improve the fairness of throughput in WLAN. Simulation results show that the present algorithm can

improve the fairness of throughput in the whole network.
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